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AI voice-based chatbots (AVCs) are increasingly integrated into EFL speaking 
instruction as potential conversational partners for speaking practice. However, 
studies on students’ satisfaction with the chatbot-human interaction and its 
association with speaking gains remain limited. This study examines the learn-
ers’ satisfaction with ChatGPT’s spoken language during conversational inter-
action, the effects of AVC-supported speaking practice on students’ oral per-
formance and the association between satisfaction and speaking performance. 
A quantitative pretest-posttest design was employed with 116 Vietnamese EFL 
students over an 8-week intervention. Data were collected through pre- and 
post-speaking tests and a satisfaction questionnaire. The test scores were ana-
lyzed using paired-samples t-tests and effect sizes, descriptive statistics and cor-
relation analysis were used to examine the learners’ satisfaction levels and their 
relationship with speaking improvement. Overall, learners reported moderate 
to high satisfaction with ChatGPT-generated language, with mean scores rang-
ing from 3.48 to 4.34 on the 5-point Likert scale. In addition, learners’ speaking 
scores were observed to increase from pre-test to post-test (p < 0.05), with a 
large effect size (Cohen’s d = 1.34). However, the correlation analysis revealed 
no statistically significant association between satisfaction levels and speaking 
gains (r = 0.087, p > 0.05). Theoretically, the study contributes empirical evidence 
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to chatbot-human interaction studies by suggesting that AVCs can support learn-
ers’ speaking improvement. Importantly, it also shows that learners’ satisfaction 
with the learning experience is not necessarily associated with their speaking 
gains. Pedagogically, the study highlights the need for more instructional scaf-
folding in AI-supported speaking practice.

Keywords: AI voice-based chatbots, learner satisfaction, CHISM, satisfaction and 
speaking performance, chatbot-human interaction

Introduction

The advent of Generative Artificial Intelligence (GenAI) has significantly trans-
formed language instruction in recent years, primarily through the integra-
tion of AI text-based and voice-based chatbots as adaptive virtual partners 
or tutors. These technologies have shifted the way language learners learn 
from human-human interaction to chatbot-human interaction (Belda-Medina 
& Calvo-Ferrer, 2022; Belda-Medina & Kokošková, 2023; Çakmak, 2022). An AI 
voice-based chatbot (hereafter, AVC) or an AI conversational agent is defined as 
a computer system that mimics natural conversations with humans in spoken 
language using natural language processing and speech technologies (Allouch 
et al., 2021; Belda-Medina & Kokošková, 2023; Yusuf et al., 2025). AVCs have 
been evidenced to be a potential solution for the long-standing challenges 
in conventional teaching and learning speaking. EFL learners in traditional 
speaking classes face a lot of challenges, such as limited opportunities to have 
conversations with fluent speakers or native speakers (Nguyen & Burke, 2024), 
unwillingness to communicate because of the fear of being judged when mak-
ing mistakes, limited vocabulary, poor grammar, unintelligible pronunciation, 
and the fear of being judged on their level of English (Chulee et al., 2023), and 
the potential of receiving unfavorable feedback from peers or teachers (Tai & 
Chen, 2020).

Research has shown  that AVCs can function as  virtual speaking partners 
that can help EFL learners improve speaking skills (Azizimajd, 2023; Duong 
& Suppasetseree, 2024; Lim, 2024; Yusuf et al., 2025). In addition to linguistic 
gains, previous studies have found that practicing speaking with AVCs is ben-
eficial for affective-related aspects, such as reducing anxiety levels, increasing 
learning motivation, willingness to communicate, and confidence (Azizimajd, 
2023; Duong & Suppasetseree, 2024; Fathi et al., 2024). Despite the growing 
number of studies on the application of AVCs in language learning, empiri-
cal evidence on learners’ satisfaction with chatbot-human interaction and its 
relationship with speaking performance remains limited.  To date, only two 
studies conducted in Western countries (Belda-Medina & Calvo-Ferrer, 2022; 
Belda-Medina & Kokošková, 2023) have examined how students are satisfied 
with the experience of interacting with the selected chatbots. The results indi-
cated relatively low levels of satisfaction with these novel ways of practicing 
speaking, due to students’ high proficiency in speaking and the inappropriate 
selection of chatbots for instructional purposes. Notably, these studies did not 
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investigate whether there is alignment or mismatch between learners’ satis-
faction with the chatbot-generated language and their speaking performance, 
leaving an important gap in the literature.

To address this gap, the present study investigates EFL students’ satisfaction 
with the language experience produced by an AVC during an 8-week speak-
ing practice intervention. It also examines changes in students’ speaking per-
formance over time and explores the correlational relationship between stu-
dents’ satisfaction levels and their speaking gains. The study was conducted at 
a Vietnamese university, where the students’ English proficiency level is rela-
tively low, yet the need to speak English as a second language has recently been 
emphasized nationwide (Decision 2371/QĐ-TTg). Additionally, Vietnamese EFL 
students have been experiencing substantial difficulties in developing speaking 
skills, learning to speak in class, resulting in low speaking proficiency despite 
a long period of English learning (McAleavy et al., 2018; Nguyen & Burke, 2024; 
Pham, 2021).

Literature review

AI voice-based chatbots

The development of AVCs has evolved from simple rule-based programs to 
generative artificial intelligence since the 1960s. The early versions of chat-
bots (e.g., Eliza, Parry, Alice) marked the introduction of human-machine dia-
logues despite certain limitations such as chatbots’ use of pre-programmed dia-
logue structures, limited responsiveness, and inability to accommodate diverse 
learner proficiency levels (Černý, 2022). In the 2010s, more voice-activated per-
sonal assistants were developed, such as Siri in 2010, Duolingo in 2012, Mondly 
in 2013, Elsa Speak in 2015, and Google Assistant in 2016. These chatbots were 
driven by the advancements in AI and Natural Language Processing technolo-
gies that enable synchronous, task-oriented spoken interaction within contex-
tualized simulated scenarios (Černý, 2022). However, many of these systems 
were acknowledged to provide insufficient feedback, focusing primarily on 
surface-level pronunciation accuracy rather than discourse-level interaction or 
communicative competence (Kuhail et al., 2022). Since 2020, the incorporation 
of AI and Large Language Model revolution has opened a new era of chatbots in 
education, particularly ChatGPT, developed by OpenAI in 2022. This generation 
of chatbots includes text-based and voice-based functions to facilitate language 
learners based on their needs. 

Impacts of AVCs on speaking performance

Although research on using AVCs for speaking instruction is in its early stages, 
the existing studies showed that AI-mediated speaking activities benefit EFL 
learners in many ways. AVCs were found to help students speak more fluently 
with fewer hesitations and pauses, and higher speech rates (Azizimajd, 2023; 
Duong & Suppasetseree, 2024; Kang, 2022; Lim, 2024). Students were able to 
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produce more precise and accurate pronunciation after speaking with AVCs 
(Çakmak, 2022; Duong & Suppasetseree, 2024); expand lexical ranges on related 
topics (Fathi et al., 2024; Shikun et al., 2024; Zou et al., 2024). Eragamreddy 
(2025) highlights additional benefits of conversing with AVCs, including reduc-
ing hesitation, improving word choice, producing more accurate sentence 
structures via real-time corrective feedback, articulating more natural intona-
tion, stress, and improving turn-taking, topic maintenance, and conversational 
repair strategies. 

To explain why students performed better when they conversed with virtual 
speaking partners, past studies found that AVCs helped students reduce anxiety 
when speaking (Azizimajd, 2023; L. T. Yu et al., 2020), provided learners with 
instant feedback (Belda-Medina & Kokošková, 2023; Kim et al., 2021; Shikun 
et al., 2024), a friendly-speaking environment with 24/7 availability (Fathi et 
al., 2024; Yusuf et al., 2025), and endless repetitions, and multimodal functions 
(Koç & Savaş, 2025). 

In the Vietnamese educational context, the studies on AI-mediated speak-
ing instructions are less extensive but increasingly visible. Duong and 
Suppasetseree (2024) conducted a quasi-experimental study with 30 non-Eng-
lish-major Vietnamese undergraduate students who had 6 weeks to interact 
with the Andy English Bot during online classes. The results indicated signifi-
cant improvement in learners’ speaking skills, especially in using suitable 
hedging words and grammar structures. Accuracy was improved because the 
chatbot used correct grammar and spoke like a native speaker, and fluency 
improved because the chatbot waited patiently and required clearer speech 
for recognition. H. H. Nguyen  (2025) conducted a larger-scale research with 
240 university students (both English majors and non-English majors of differ-
ent English proficiency levels. The participants had 16 weeks to use SpeakAI 
daily after class. The results showed significant improvement in fluency, coher-
ence, and pronunciation, followed by vocabulary range, grammatical range, 
and accuracy. In the meantime, T. H. Nguyen (2025) conducted research with 
38 university students at a private university in Vietnam. The participants had 
eight weeks to practice speaking with ChatGPT-4 three times a week in various 
speaking tasks such as role-plays, problem-solving, and opinion-sharing. The 
findings showed significant improvement in all aspects of speaking skills (i.e., 
pronunciation, fluency and coherence, grammatical accuracy, lexical resource).

These are very early studies on the use of AVCs to transform traditional 
speaking instruction. Students were offered opportunities to converse with 
chatbots rather than with a human peer. Overall, the studies showed that 
chatbot-human interaction improved students’ speaking skills. However, they 
mostly employed non-English majors whose learning purposes, language pro-
ficiency levels, and communicative demands differ substantially from those of 
English majors. In addition, previous studies implemented chatbot-based speak-
ing practice as out-of-class or self-directed activities (Duong & Suppasetseree, 
2024; H. H. Nguyen, 2025). It might be difficult for researchers and teachers 
to monitor learners’ actual interactional patterns and ensure the quality of 
speaking practice. This study provides a different perspective to observe how 



5

H
o, N

guyen &
 N

guyen : Interacting w
ith AI voice-based chatbots

The
JALT CALL 

Journal
 vol. 22 no.1

English-major students in a Vietnamese university interact with an AVC in 
a classroom setting. The students were offered a ChatGPT Plus account for 
practicing speaking with a chatbot as a conversational speaking partner dur-
ing structured speaking activities. This design allowed us to observe students’ 
actual interaction behaviors, provide consistent practice opportunities, and 
systematically examine speaking outcomes. 

Relationship between learners’ satisfaction and learning outcomes

 Learners’ satisfaction is defined as a feeling or attitude of fulfillment when 
learners get what they expected during the learning activities or processes 
(Shee & Wang, 2008; Q. Yu, 2022).  This is a psychological state formed from 
learners’ subjective evaluation after comparing their learning expectations 
and the actual perceived learning conditions, such as course content, learning 
environment, and instructional methods (Fernandes et al., 2013; Gameel, 2017; 
Q. Yu, 2022). Learning satisfaction is an important factor for both language 
learners and educators. Firstly, when learners are satisfied with their learn-
ing experience, they can put more effort into their self-language learning, feel 
more motivated to attend classes, and reduce the likelihood of dropping out 
of school than unsatisfied students (Elliott & Shin, 2002; Gao, 2010; Özgüngör, 
2010). Moreover, understanding learners’ satisfaction can help language edu-
cators make necessary adjustments to instructional design in response to the 
market needs of courses and programs, thereby enhancing the learning experi-
ence (Asakereh & Dehghannezhad, 2015; Elliott & Shin, 2002; Özgüngör, 2010). 

Prior studies have evidenced controversial findings on the relationship 
between learners’ satisfaction and their language performance. On the one 
hand, learners’ satisfaction strongly correlated with their learning outcomes. 
Students with higher satisfaction were likely to be higher achievers in language 
learning. For example, Asakereh and Dehghannezhad (2015) found that stu-
dents’ satisfaction with speaking classes had a significant positive correlation 
with speaking skills achievement through the results of Pearson correlation 
analyses. Similarly, Qutob (2018) and Khiat (2014) reveal a positive association 
between students’ satisfaction with learning materials, the language teacher, 
and acquired speaking skills. For online education, prior studies provided con-
sistent findings that learners’ satisfactory ratings for learning management 
systems, online courses, course structure, learner interaction, and instructor 
presence correlated with their language learning outcomes (Gray & DiLoreto, 
2016; Li & Ni, 2024; Shin & Sok, 2023). On the other hand, studies found no 
statistical difference between learners’ satisfaction with learning experience 
and language learning outcomes in different learning contexts such as dis-
tance programs (Khan & Iqbal, 2016), e-learning (Yılmaz, 2023),  online learning 
(Anthonysamy & Singh, 2023; Murtiningsih et al., 2023; Shin & Sok, 2023). Our 
study delved into this association in the context of chatbot-human interaction 
in speaking classes to investigate whether learners’ satisfaction is associated 
with their speaking gains.
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Previous studies on learners’ satisfaction with chatbot-human interaction

To date, a few studies have examined learners’ satisfaction with chatbot-
human interaction in practicing speaking skills. The first of which was con-
ducted by Belda-Medina and Calvo-Ferrer (2022) with undergraduate teacher-
students in two universities in Spain and Poland, whose English proficiency 
levels were at upper-intermediate to advanced (approximately B2–C1), some 
of them were native speakers of English. It measured ESL learners’ satisfaction 
with language experience produced by three conversational agents (Replika, 
Kuki, Wysa) through a questionnaire grounded in the CHISM. The findings 
showed relatively high satisfaction with Replika and moderate satisfaction 
with Kuki and Wysa. While chatbots were highly praised for their wide lexical 
range, the quick response interval, and natural conversational flow, the learn-
ers showed dissatisfaction with the AVCs’ ability to detect and correct learners’ 
linguistic mistakes. This study was among the earliest to record learners’ voices 
regarding their satisfaction after interacting orally with chatbots rather than 
human partners. However, the research design was quite complicated and 
insufficient to support such conclusions. Accordingly, the participants were 
required to select any of the three available AVCs to practice, which led to an 
uneven exposure across the AVCs. If a chatbot matched their preference, they 
were likely to interact more and gain a greater understanding, while other 
AVCs were largely neglected. Another study evaluated satisfaction levels of col-
lege students in Spain and Czech Republic with the interaction with four AVCs, 
namely Mondly, Andy, John Bot, and Buddy.ai (Belda-Medina & Kokošková, 
2023). The participants’ English levels were also from B2 to C2. They practiced 
speaking with these AVCs after class and completed assessment reports after 
each practice session, submitted transcripts, and screenshots of their interac-
tion. The satisfaction was measured based on an adapted version of the CHISM 
(Belda-Medina & Calvo-Ferrer, 2022). The results indicated a low satisfaction 
level with the language-related aspects produced by the AVCs. In line with 
the aforementioned research, the learners in this study reported dissatisfac-
tion with the chatbots’ error detection and correction. Moreover, the partici-
pants were also dissatisfied with the AVCs’ ability to vary sentence complexity 
and adaptability to context. The study provided a more refined version of the 
adapted version of the CHISM, yet its research design posed some limitations, 
such as the inappropriate selection of the chatbot for the participants’ level. For 
instance, Buddy.ai was originally designed for kids whose proficiency levels 
were not as high as those of university students at levels B2 to C2. In addition, 
the learners were offered four AVCs with different features and designs; they 
had freedom in selecting the chatbot to practice, resulting in similar preference 
bias as mentioned above.

Despite providing valuable insights into learners’ perception of chatbot-
human interaction, these studies exposed some limitations. First, there were 
conducted in Western universities, where students’ speaking proficiency ranged 
from upper-intermediate to advanced levels (B2–C2), even native speakers 
(Belda-Medina & Calvo-Ferrer, 2022; Belda-Medina & Kokošková, 2023). These 
proficient users of English tend to have higher expectations for the chatbot’s 
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language use, which might not reflect the needs of EFL learners in EFL contexts. 
Second, participants in those studies reported inconsistent satisfaction levels 
with different AVCs. As each AVC differs in features, interaction design, feed-
back mechanisms, and target users, the inclusion of multiple AVCs in the same 
intervention might result in learners’ confusion and preference bias. 

To address those limitations, our study adapted the LEX dimension of the 
CHISM to investigate Vietnamese university students’ satisfaction with lan-
guage-related aspects produced by ChatGPT. Moreover, we aimed to examine 
the association between learners’ satisfaction and speaking gains. This research 
design enhances the study’s novelty in several ways. First, the present study 
focused on EFL learners with lower levels of English proficiency (A2–B1) who 
had a strong desire to improve speaking skills for future academic, profes-
sional, and communicative purposes. By providing these students with oppor-
tunities to engage in real-time spoken interaction through ChatGPT’s advanced 
voice mode, we aimed to create more accessible speaking practice without 
reliance on native-speaker interlocutors. Second, by employing a single AVC, 
the study controls for design-related variability across chatbots. Thus, reduc-
ing confounding factors related to system features. Finally, the study examines 
students’ satisfaction levels in relation to their speaking performance to reveal 
if learners’ perceived experience aligns with or diverges from their subjec-
tively measured speaking outcomes. Consequently, we seek to answer three 
research questions:

RQ1. To what extent are students satisfied with the language experience 
produced by the AI voice-based chatbot?

RQ2. To what extent does learners’ speaking performance improve after 
engaging in AI-based chatbot speaking practice?

RQ3. Is learners’ satisfaction with the language experience associated with 
their speaking outcomes?

Theoretical framework

This study was grounded in the Chatbot–Human Interaction Satisfaction Model 
(CHISM) (Belda-Medina & Kokošková, 2023), which was developed to concep-
tualize and measure learners’ satisfaction when interacting with educational 
chatbots. CHISM was first created in 2022 (Belda-Medina & Calvo-Ferrer, 2022) 
and then revised in 2023 with some slight modifications of wording and fea-
tures of the selected chatbots used. Both versions measure students’ satisfac-
tion with chatbot-human interaction in three macro dimensions, including 
Language Experience (LEX), Design Experience (DEX), and User Experience 
(UEX) (see Figure 1). LEX includes language-related aspects produced by the 
chatbot as a speaking partner, DEX items focus on the features and designs 
of the AVCs, and UEX comprises items on learners’ overall perception of the 
experience. 
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Figure 1. Chatbot-Human Interaction Satisfaction Model (CHISM)

Language experience dimension

Our study adapted the LEX dimension of the CHISM framework (Belda-Medina 
& Kokošková, 2023) by excluding the non-verbal language because this function 
(i.e. Emojis, memes, stickers, GIFs, and other visual representations) is often 
seen in the text-based mode of ChatGPT, but not in the voice-based version. 
Moreover, ChatGPT does not have an embodied avatar with visual cues, ges-
tures, and symbols to convey meaning and emotions in the absence of spoken 
words. Therefore, the LEX was measured through eight constructs with the spe-
cific operational definitions as in the original version. Firstly, semantic coherent 
behavior refers to ChatGPT’s ability to maintain a contextually relevant and 
meaningful dialogue with the user. Secondly, sentence length and complexity 
focuses on the structure and variety of the sentences that ChatGPT used in 
its responses. Thirdly, quality of vocabulary reference refers to ChatGPT’s use 
of diverse and topic-related vocabulary in context. Fourthly, quality of gram-
mar explanations means ChatGPT’s ability to explain grammar rules accurately 
and clearly. Fifthly, error detection and correction refers to ChatGPT’s ability to 
detect the users’ linguistic errors and correct them. Sixthly, speech recognition 
and synthesis refers to the AVC’s ability to recognize and understand users’ lan-
guage input that converts spoken language into written text. Seventhly, natural 
conversational interaction pertains to ChatGPT’s ability to resemble the natu-
ral flow and dynamics of human conversation, such as understanding and 
responding appropriately to user inputs, demonstrating empathy, and adapting 
the language style and tone to suit the learner’s preferences. Finally, chatbot 
response interval relates to the time it takes for a chatbot to generate a response 
following text or voice-based input from the learner. 

Our study only focused on examining learners’ satisfaction with LEX dimen-
sion because of the following reasons. First, it aimed to explore the impacts 
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of a new teaching technique on students’ speaking skills, so LEX ensured a 
closer conceptual alignment between how students felt about the language 
experience and their speaking gains. Moreover, restricting the analysis to 
LEX helped reduce construct-irrelevant variance arising from non-linguistic 
aspects of chatbot use, such as the technical features (DEX) or usability issues 
(UEX). These aspects were undeniably important to explore the comprehensive 
satisfaction with chatbot-human interaction, but they might not be central to 
explaining changes in speaking outcomes. Third, the study represented an ini-
tial application of CHISM in the context of chatbot-assisted speaking practice 
with Vietnamese university students. Beginning with a single, theoretically 
central dimension would make the measurement more focused and manage-
able. Therefore, it allowed the researchers to provide a clearer answer to the 
question of whether satisfaction with language experience is associated with 
speaking outcomes. 

Methodology 

Research design and context

To measure learners’ satisfaction levels with the chatbot-human interaction 
experience and how their speaking skills change, we adopted a one-group 
pretest-posttest research design. In the current research setting, the decision 
to exclude a control group was made for practical and ethical concerns. First, 
the intervention was conducted in a normal classroom setting where random 
assignment of individuals was unfeasible. As institutional regulations, all 
classes must be pre-registered before the semester starts. Second, all students 
enrolling in the same compulsory speaking course were required to receive 
equal learning conditions. Although this approach is weaker than design with 
control groups for establishing a causal relationship, it is often used in field 
research because the pretest provides a baseline measure for change (Shadish 
et al., 2002). Therefore, this research design is often used to explore the par-
ticipants’ observed change or growth under real instructional conditions over 
time (Shadish et al., 2002).

It included a group of participants who participated in eight sessions inter-
acting with ChatGPT as a speaking partner. The study was conducted in a state 
university in the South of Vietnam from August to October 2025. The students 
participating in the study were English-major sophomores undertaking a 
Speaking 2 course. The expected learning outcomes of this course are that stu-
dents will achieve a proficiency level of B1 in speaking skills. The course book 
was New Interaction 2 (Tanka & Most, 2020). The students have a 100-minute 
speaking lesson weekly. The normal class size of the current research site is 
about 40 students. Before collecting data, a gatekeeper letter was obtained 
to document institutional approval from the university, faculty, and relevant 
academic divisions. For integrating AI-assisted speaking activities, the three 
speaking classes were conducted in a Lab room with the availability of digital 
conditions such as internet connection, a computer with a microphone and 



10

H
o, N

guyen &
 N

guyen : Interacting w
ith AI voice-based chatbots

The
JALT CALL 

Journal
 vol. 22 no.1

headphones for each student, a big screen for teachers to show to the whole 
class, and a network support system to connect the teacher and the students’ 
screens.

Participants

The study used a convenience sample of English-major students at a Vietnamese 
state university. The students were from three intact classes who were currently 
undergoing the English Speaking 2 course. Employing participants from intact 
classes enhanced ecological validity and natural dynamics of classroom learn-
ing, which is widely supported in educational research (Creswell & Creswell, 
2017; Dörnyei, 2007). There were originally 122 students in the classes, but 
some of them did not participate in the data collection procedure. Therefore, 
the final number of valid participants was 116, with 36 males (31%) and 80 
females (69%). Following the rule-of-thumb recommendations for classroom-
based intervention studies, which suggest that a minimum of 30 participants 
is adequate for a pre-post design and 50 for a correlational test (VanVoorhis & 
Morgan, 2007), the sample size is large enough to support statistical inferences. 
The mean age of the group was 19.22 years (SD = .789). All participants have 
been studying English for more than 5 years, and their self-reported speaking 
proficiency ranged from A2 to B1 at the beginning of the course. All of them 
were familiar with technological skills to conduct a conversation with ChatGPT. 
At the beginning of the course, the students were informed of the chatbot-
assisted speaking activities, the purposes of the research and their voluntary 
participation, and their right to withdraw without penalty. 

Instruments

In order to investigate the satisfaction levels, speaking performance changes 
over time, and their relationship, an 8-week project entitled “GPT Talk Time” 
was run for the classes. The class procedure and topics of the conversations 
followed the curriculum and the textbook. Over the eight weeks, the students 
engaged in weekly AI-mediated speaking activities for about 30 minutes, dur-
ing which they spoke with ChatGPT as a speaking partner rather than a peer. 
Before the intervention, all students were trained on how to use the guiding 
prompts (e.g., setting roles, introducing opinions, giving reasons, asking fol-
low-up questions). Although the prompts were scripted in weekly handouts, 
learners were encouraged to extend the conversation freely. This design aimed 
to balance consistency across students with opportunities for natural, open-
ended interaction. Moreover, the chatbot was prompted to act as a conversa-
tional partner, provide corrective feedback when major errors affected com-
prehension, detect frequent errors, and offer brief suggestions on vocabulary, 
grammar, or fluency at the end of the conversation. Another important point 
is to deal with potential communication breakdowns. In the training sessions, 
learners were informed of possible issues and suggested solutions. For exam-
ple, they were provided with and guided strategies to negotiate for meaning 
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in case the conversation went wrong. Interaction breakdowns due to techni-
cal issues, such as internet connection and microphones, were also monitored 
through classroom observation and weekly review of selected chat logs. In such 
cases, the teacher provided brief scaffolding or clarification to help students 
resume the task.

Data were collected through a satisfaction questionnaire and a pre-test and 
post-test. The questionnaire was designed in the light of the CHISM framework 
(Belda-Medina & Kokošková, 2023) with 14 items in the format of a 5-point 
Likert scale (1= very dissatisfied to 5 = very satisfied). The questionnaire was 
reviewed by three colleagues who hold PhD degrees and are currently teach-
ing English for academic purposes to ensure content validity and appropri-
ateness. The feedback from those experts was synthesized and reviewed by 
the researchers. Then, a pilot test with a small group of 15 students was con-
ducted to check item clarity and time to respond. After this phase, the final ver-
sion of the questionnaire was polished regarding the wording, structure, and 
clarity. Then it was translated into Vietnamese for the official participants to 
understand easily. Cronbach’s alpha value for the sections of the questionnaire 
was .876 (LEX items), indicating its good internal consistency (Pallant, 2020). 
Most items showed acceptable corrected item-total correlations above the .30 
threshold, suggesting strong alignment with the overall scale. Although LEX3 
and LEX4 had lower correlations (.227 and .212, respectively), we decided to 
keep them as two important items of the questionnaire for two reasons. First, 
if they were removed, Cronbach’s Alpha would only increase slightly, which 
indicates their minimal impact on the overall reliability. Secondly, these items 
were included in the theoretical framework, so retaining them helps preserve 
the content validity of the scale. 

The speaking pre- and post-tests were designed to measure the changes 
in students’ speaking performance at the beginning and end of the interven-
tion. They include identical questions to avoid the task difficulty effect (Brown 
& Abeywickrama, 2019). Moreover, to mitigate the risk of memorization or 
rehearsed responses, the post-test was conducted more than two months after 
the pre-test. In addition to the sufficiently long interval between the pre- and 
post-tests, students were not informed in advance that the same questions would 
be reused, and the scoring focused on general speaking performance (e.g., flu-
ency, vocabulary, grammar, pronunciation, and discourse management) rather 
than content recall. The test structure adopted the Vietnamese Standardized 
Test of English Proficiency (VSTEP) speaking test to ensure the test validity and 
reliability (Weir, 2005). The VSTEP speaking test consists of three tasks: Social 
interaction, Problem solution, and Topic development. The time to complete the 
test is approximately 12 minutes.  It assesses test-takers’ speaking performance 
based on five criteria, including fluency, vocabulary, grammar, pronunciation, 
and discourse management. Its analytic rubric describes specific indicators for 
scoring test-takers’ speaking performance, ranging from 0 to 10 for each crite-
rion.  Students participate in the computer-based test with a screen and audio 
recording. Students’ recordings were coded with the class name plus a number 
(e.g., A1). The tests were rated by the researcher and another invited rater who 
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holds a Master of Arts degree; both raters were trained and had more than 4 
years of experience evaluating the VSTEP speaking test. To ensure consistency 
between the raters, 20 random recordings were selected and rated separately 
by the raters. The inter-rater agreement was calculated based on an acceptable 
difference of ±1 point between raters. Seventeen out of twenty selected record-
ings fell within the acceptable range, accounting for an agreement rate of 85%, 
which was considered highly acceptable (McHugh, 2012). Then the raters dis-
cussed and resolved the rating differences. Finally, the researcher continued 
to grade the rest recordings. 

Data collection procedure

The procedure to collect data for the study, designed to span 11 weeks, was 
summarized in Table 1. 

Table 1. Data collection timeline

Week 1 Preparation and 
training

–	 Introduce the project “GPT Talk Time”
–	 Inform and reach a consent
–	 Provide a trial activity for students to have a 

conversation with ChatGPT
–	 Introduce VSTEP speaking test format and scoring 

criteria
–	 Provide training on how to use OBSscreen-recording 

software
Week 2 Pre-test and training 

on dealing with 
communication 
breakdowns

–	 Distribute pre-test
–	 Provide a ChatGPT Plus account for the students
–	 Provide training on chatbot settings
–	 Deliver a handout with techniques to resolve 

communication breakdowns when conversing with 
ChatGPT

Weeks 3–10 GPT Talk Time project –	 Introduce the topic
–	 Review related vocabulary and grammatical structure
–	 Deliver the handout and give instructions
–	 Ask students to prepare ideas for 5 minutes
–	 Ask students to engage in a conversation with ChatGPT 

to complete the handout in 20 minutes
–	 Ask students to share their opinions with the whole 

class
–	 Provide feedback and review the lesson

Week 11 Post-test and 
questionnaire

–	 Distribute post-test
–	 Distribute questionnaire

Data analysis

To measure students’ satisfaction with linguistic aspects produced by ChatGPT, 
the item responses on LEX dimension were first checked for internal consis-
tency (Cronbach’s α). Satisfaction levels were calculated and described descrip-
tively using means and standard deviations with SPSS 26. 

Students’ speaking performance was measured at the beginning and end 
of the project. To quantify improvement, we computed a gain score (posttest 
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scores minus pretest scores). To have an appropriate selection of the statisti-
cal tests, we first checked if the test scores were normally distributed or not by 
using the Shapiro–Wilk test, skewness and kurtosis values, and visual inspec-
tion of the histogram (Ghasemi & Zahediasl, 2012). The Shapiro–Wilk test was 
not significant, W = .988, p = .367 (p > 0.05), indicating that the gain scores 
were normally distributed. Skewness (−0.13) and kurtosis (−0.24) were also 
within acceptable ranges. To identify the statistical significance of students’ 
speaking performance improvement, the speaking test scores were analyzed 
using t-tests for paired samples (Field, 2024). Cohen’s d was calculated using 
the standard formula for paired samples, in which the effect size equals the 
t-value divided by the square root of the sample size (d = t / √n). This method 
is recommended for within-subject designs because it standardizes the mean 
difference using the variability of the difference scores (Fritz et al., 2012). 

Finally, to examine the relationship between students’ satisfaction and their 
speaking improvement, we checked for normality of the data distribution of 
the satisfaction scores by using a similar test as above. The results indicated 
that satisfaction scores were normally distributed (W = .984, p = .177 [p > 0.05]),  
then a Pearson’s correlation was used to calculate the association between sat-
isfaction levels and speaking improvements of the participants (Field, 2024).

Results

Firstly, as shown in Table 2, the study unveils how satisfied the students felt 
with the language experience produced by ChatGPT over the chatbot-human 
interaction sessions in the speaking class. Overall, the descriptive statistics 
show moderate to high satisfaction levels with ChatGPT’s linguistic and inter-
actional performance. All the items had the mean scores ranging from 3.48 to 
4.34 on the 5-point Likert scale. Students expressed the highest level of satis-
faction with ChatGPT’s response speed (M = 4.34, SD = .685), followed by error 
detection (M = 4.21, SD = .829), vocabulary range (M=4.19, SD = .745), and topic-
relevant vocabulary (M = 4.18, SD = .705). In contrast, the participants showed 
relatively low satisfaction with ChatGPT’s use of complex grammatical struc-
tures (M = 3.48, SD = .964) and sentence length (M = 3.66, SD = .835), indicat-
ing comparatively lower satisfaction with these aspects of ChatGPT’s linguistic 
output. Standard deviations ranged from 0.622 to 0.964, indicating moderate 
variability in learners’ perceptions across items.
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Table 2. Descriptive results for students’ satisfaction levels with LEX (N=116)

Mean Std deviation

LEX 1. ChatGPT’s on-topic responses 4.16 0.654
LEX 2. ChatGPT’s relevant responses 4.17 0.622
LEX 3. ChatGPT’s use of sentence length 3.66 0.835
LEX 4. ChatGPT’s use of grammar complexity 3.48 0.964
LEX 5. ChatGPT’s use of vocabulary range 4.19 0.745
LEX 6. ChatGPT’s use of topic-appropriate vocabulary 4.18 0.705
LEX 7. ChatGPT’s grammar explanation accuracy 4.01 0.786
LEX 8. ChatGPT’s grammar explanation clarity 3.79 0.909
LEX 9. ChatGPT’s ability to detect errors 4.21 0.829
LEX 10. ChatGPT’s corrective feedback 4.10 0.869
LEX 11. ChatGPT’s voice recognition 3.88 0.876
LEX 12. ChatGPT’s voice synthesis 3.91 0.894
LEX 13. ChatGPT’s ability to maintain natural conversation flow 3.98 0.791
LEX 14. ChatGPT’s response speed 4.34 0.685

Regarding students’ speaking improvement after engaging in the 8-week proj-
ect (excluding preparation and data collection time), interacting with ChatGPT 
as a speaking partner, Table 3 shows the results of a paired t-test for the over-
all speaking gains by comparing the post-test and pre-test scores. The results 
showed that students’ speaking scores improved significantly from pre-test to 
post-test, t(115) = 14.43, p < 0.01, with a mean gain of 1.59 points (SD = 1.19). In 
addition, the result of the Cohen’s d test indicated a large effect size (Cohen’s 
d = 1.34), which reflected a substantially observed improvements in students’ 
pretest and posttest scores following the intervention.

Table 3. Results of a paired t-test for students’ overall speaking improvement

Paired differences

t df
Sig. 
(2-tailed)Mean Std deviation

Overall_posttest – Overall_pretest 1.59 1.19 14.43 115 0.00

Looking at more details of speaking skills improvement, a series of paired-sam-
ples t-tests was conducted to examine students’ changes across the five analytic 
speaking subskills. These criteria were grounded in the rubric for evaluating 
speaking skills of the VSTEP test. Table 4 showed the results of the paired t-tests 
for speaking subskills changes. Results indicated statistically significant gains 
in all areas (p < 0.01). Among the five criteria, the most substantial increase 
was observed in discourse management (M = 1.89, SD = 1.24), t(115) = 16.37, 
followed by vocabulary use (M = 1.65, SD = 1.22), t(115) = 14.56. Significant 
improvements were also found in grammar (M = 1.52, SD = 1.30), t(115) = 12.62, 
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fluency (M = 1.47, SD = 1.41), t(115) = 11.19, and pronunciation (M = 1.42, SD = 
1.54), t(115) = 9.96.

Table 4. Results of a paired samples t-test for speaking performance by criteria

Paired differences

t df
Sig. 
(2-tailed)Mean

Std 
deviation

Pair 1 Vocab_posttest – Vocab_pretest 1.65 1.21 14.56 115 0.000
Pair 2 Gram_ posttest – Gram_ pretest 1.51 1.30 12.62 115 0.000
Pair 3 Pronun_ posttest – Pronun_ pretest 1.42 1.53 9.96 115 0.000
Pair 4 Fluency_ posttest – Fluency_ pretest 1.47 1.41 11.19 115 0.000
Pair 5 Discourse_ posttest – Discourse_ 

pretest
1.89 1.24 16.37 115 0.000

The association between students’ satisfaction and speaking performance was 
shown in Table 5. We conducted Pearson’s correlation to explore the relation-
ship between students’ feeling with the learning experience and their speaking 
gains over eight weeks. Surprisingly, the results indicate that the correlation 
between learners’ satisfaction levels and their speaking gain scores was posi-
tive but very small and not statistically significant, r(114) = .087, p  > 0.05. This 
result suggests that students’ satisfaction levels were not associated with the 
observed improvement in their speaking performance.

Table 5. Pearson’s Correlation between students’ satisfaction with LEX and speaking gains (N = 
116)

Speaking gain Language experience

Speaking gain Pearson Correlation 1 0.087
Sig. (2-tailed) 0.350

Language experience Pearson Correlation 0.087 1
Sig. (2-tailed) 0.350

Discussion

The present study aimed to provide an objective analysis of Vietnamese uni-
versity students’ satisfaction with language experience as interacting with an 
AVC, and the observed speaking improvement. It also examined the correlation 
between how the learners subjectively felt about the learning experience and 
their speaking gains. The following sections discuss the findings of the study in 
greater depth to address the three formulated research questions.



16

H
o, N

guyen &
 N

guyen : Interacting w
ith AI voice-based chatbots

The
JALT CALL 

Journal
 vol. 22 no.1

Students’ satisfaction with LEX dimension 

For research question 1 (To what extent are students satisfied with the language 
experience produced by the AI voice-based chatbot?), the findings show learn-
ers’ moderate to high levels of satisfaction with LEX when conversing with 
ChatGPT, with mean scores ranging from 3.48 to 4.34. This result suggests that 
in the context of chatbot-human interaction, language produced by ChatGPT 
was generally able to meet the learners’ expectations. This finding was in line 
with previous studies on other AVCs, such as Replika (Belda-Medina & Calvo-
Ferrer, 2022) and  Translation Learning Chatbot (Aleedy et al., 2025). However, 
this finding suggests that learners’ satisfaction with LEX might depend on 
the specific chatbot used. Earlier research that involved multiple chatbots 
showed that learners could be satisfied with one system but dissatisfied with 
another (Belda-Medina & Calvo-Ferrer, 2022; Belda-Medina & Kokošková, 
2023). Another factor that might lead to different satisfaction levels could be 
learners’ English proficiency levels. The present study included EFL learners 
of lower levels of English proficiency (A2-B1) whose demand for improving 
English for academic and professional purposes was substantial, yet they had 
limited chances to talk to proficient speakers and receive corrective feedback 
(Çakmak, 2022; Nguyen & Burke, 2024). Having a virtual speaking partner with 
a native-like voice (Duong & Suppasetseree, 2024; Tai & Chen, 2020; Zou et al., 
2024) that is supportive and available 24/7 could potentially offer a satisfying 
experience in practicing speaking. These students’ satisfaction levels differed 
from those of highly proficient learners (B2-C2), as in previous studies (Belda-
Medina & Calvo-Ferrer, 2022; Belda-Medina & Kokošková, 2023), who were not 
satisfied with chatbot-generated language because of their high expectations 
and demanding communication purpose. 

Our study also revealed that the highest satisfaction ratings were associ-
ated with ChatGPT’s response speed (M = 4.34, SD = .685), relevant and on-topic 
responses (M = 4.16, SD = .654 and M = 4.17, SD = .622 respectively), error detec-
tion and correction (M = 4.21, SD = .829 and M = 4.10, SD = .669 respectively), 
and vocabulary range and relevance (M = 4.19, SD = .745 and M = 4.18, SD  = 
.705 respectively). This means learners particularly valued ChatGPT’s ability 
to maintain fluent, contextually appropriate conversations. In contrast, par-
ticipants reported lower mean scores for sentence length (M = 3.66, SD = .835) 
and grammar complexity (M = 3.48, SD = .964). It means that some learners 
perceived the limitations in the depth or sophistication of ChatGPT’s linguistic 
output. These findings partially contradict Belda-Medina and Calvo-Ferrer’s 
(2022), who emphasized that learner dissatisfaction with chatbots’ error detec-
tion and correction is believed to be important in second language learning 
(Lyster et al., 2013). Overall, the results suggested that learner satisfaction with 
the AVC as a speaking partner depended significantly on how smooth, respon-
sive, and relevant the interaction was. At the same time, higher expectations 
for grammatical accuracy and instructional clarity were raised as a challenge. 
It somehow emphasized the role of teachers’ guidance to support the optimum 
ability of chatbot-human interaction.
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Observed impacts of chatbot-human interaction on speaking performance

For addressing research question 2 (To what extent does learners’ speaking 
performance improve after engaging in AI-based chatbot speaking practice?), 
the results showed that students’ speaking outcomes at the end of the project 
were higher than those at the beginning of the project (post-pre gain (t(115) 

= 14.43, p < 0.01).  In other words, there was an observable improvement in 
students’ speaking performance after conversing with ChatGPT for 8 sessions. 
The most notable gains were in discourse management and vocabulary use. It 
suggests that engaging in the interaction with ChatGPT somehow supported 
learners’ ability to organize ideas and access lexical resources during spoken 
production. This finding aligns with prior studies, which emphasized the role of 
AVCs in facilitating learners’ fluency, idea development, and lexical expansion 
through repeated, low-anxiety practice (Fryer & Carpenter, 2006; Kohnke et al., 
2023; Tai & Chen, 2020). Improvements in grammar, fluency, and pronuncia-
tion further align with findings from AI-assisted speaking research, indicating 
that frequent exposure to accurate input and corrective feedback can promote 
measurable speaking development (Kohnke et al., 2023; Ouyang & Jiao, 2021). 
Taken together, the findings suggested that AVCs can be a potentially benefi-
cial speaking partner that might support EFL learners in multiple subskills of 
speaking performance. With teachers’ effective instructional design and guid-
ance, EFL students can use ChatGPT as a conversational partner to practice 
speaking. By so doing, these tools may help address some of the ongoing chal-
lenges in speaking instruction, such as a lack of opportunities to speak with 
proficient or native speakers, and insufficient time for feedback. 

Association between students’ satisfaction with LEX and their speaking 
performance

For research question 3 (Is learners’ satisfaction with the language experience 
associated with their speaking outcomes?), the findings surprisingly showed 
that learners’ satisfaction with learning experience was not statistically cor-
related with their improved speaking skills (r = .087, p > 0.05). In other words, 
students who felt more satisfied with conversing with ChatGPT as a speaking 
partner did not necessarily achieve greater speaking gains than those who 
reported lower satisfaction. Possible reasons for this null correlation might 
include novelty effect, insufficient time-on-task, and topic misalignment. In the 
research context, EFL learners were conventionally more familiar with con-
versing with human interlocutors, in which they faced several challenges, such 
as fear of being judged by the teacher or other classmates, anxiety about mak-
ing mistakes, and limited opportunities to communicate with proficient speak-
ers (Chulee et al., 2023; Nguyen & Burke, 20252024; Tai & Chen, 2020). When 
they were given the chance to practice speaking with a chatbot, which is always 
available for interaction, and offers enthusiastic encouragement (Fathi et al., 
2024; Yusuf et al., 2025), and can function as a more knowledgeable partner (Li 
et al, 2025), they may have evaluated this novel learning experience positively 
and reported high levels of satisfaction. Another explanation for the lack of a 
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significant correlation between learners’ satisfaction and speaking improve-
ment might be related to insufficient time-on-task. Although the intervention 
lasted eight weeks, such in-class practice might not provide enough time to 
rehearse and improve speaking skills. Learners might need more practice time 
both in class and out of class, as practice enables the gradual transformation 
of performance from controlled to automatic, leading to language automati-
zation (DeKeyser, 2007). In-class tasks would provide them with guidance to 
replicate or repeat the task at home, so that their satisfaction level might be 
correlated with speaking improvement. One more reason that might account 
for the null correlation between satisfaction and speaking improvement is 
the misalignment between practice tasks and speaking tests. The intervention 
was conducted in a real classroom context where task topics were aligned 
with the units in the selected textbook, and task designs were communicative-
oriented. However, the topics, task format, and rating scales used in the pre-
test and posttest were different from what learners had practiced during the 
intervention. Such task-test mismatch has been identified as a common issue 
in language assessment and can undermine the validity of inferences drawn 
from test scores (Fulcher, 2014).

The lack of correlation between learners’ satisfaction with learning expe-
rience and their speaking gains found in the present study is somewhat con-
sistent with prior research. For instance, Anthonysamy and Singh (2023), 
Murtiningsih et al. (2023), and Yilmaz (2023) revealed that satisfaction was 
not a significant predictor of academic performance in online and distance 
learning contexts. However, our results contradicted some studies that found 
a significant positive association between learners’ satisfaction and learning. 
For instance, Qutob (2018) and Khiat (2014) highlighted the statistical correla-
tion between learners’ satisfaction with learning materials, language teacher, 
and learning experience, and speaking performance in traditional speaking 
classes. Gray and DiLoreto (2016), Li and Ni (2024) reported a slight associa-
tion between learners’ satisfaction with online and distant learning experi-
ence and their language learning outcomes. One possible explanation for this 
inconsistency lies in differences in learning context, instructional modes, and 
the way satisfaction was measured. While earlier research examined satisfac-
tion in traditional or online courses where instruction, materials, and teacher 
support were closely aligned with learning outcomes (Gray & DiLoreto, 2016; 
Khiat, 2014; Qutob, 2018), satisfaction with chatbot-mediated speaking practice 
might reflect learners’ affective comfort and convenience rather than direct 
gains in speaking performance. 

Conclusion

This study aimed to examine Vietnamese university students’ satisfaction with 
the language experience produced by ChatGPT as a speaking partner, their 
speaking gains after 8 speaking sessions in class with the AVC, as well as the 
relationship between satisfaction and speaking gains. The results indicate that 
the students were moderately to highly satisfied with the chatbot’s linguistic 
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production during the conversations between the human and the chatbot.  
Another finding of this study is that results from the paired t-test showed sig-
nificant improvement in EFL learners’ oral performance after practicing speak-
ing with ChatGPT, especially vocabulary range, fluency, and the use of cohesive 
devices. Although students enjoyed the learning experience and their speak-
ing gains were significant, interestingly, there was no statistical correlation 
between students’ enjoyment of the learning experience and their speaking 
performance.

Based on those findings, we propose several pedagogical implications for 
better AI-mediated  speaking instructions. First, AVCs might function as a con-
versational partner to help learners improve speaking skills, particularly by 
increasing fluency, expanding vocabulary range, and promoting cohesive dis-
course. Despite their potential in enhancing learners’ oral performance, AVCs 
should not be seen as a magic wand that could meet overly high expectations 
from both learners and teachers. Instead, they could be supportive assistants 
only when they are in the hands of teachers who are capable of organizing 
learning activities and know how to foster learners’ positive emotions. For 
classroom practice, it would be necessary for teachers to design AI-mediated 
speaking tasks through semi-structured role-plays and task-based conversa-
tions, in which key guidance and prompts are scripted, yet learners are encour-
aged to extend their responses rather than engage in unguided free chatting. 
To ensure the quality of the AI-mediated speaking tasks, it would be impor-
tant for teachers to provide initial training on dealing with technical issues 
and dialogue maintenance strategies; allow learners time to familiarize them-
selves with this novel learning experience; observe how the tasks work in prac-
tice, and make necessary adjustments to task design over time. Second, the 
absence of significant correlation between learners’ satisfaction with the learn-
ing experience and their speaking gains suggests that teachers should design 
the tasks more specifically and easily for learners to follow. For example, each 
task should include clear task goals, guidance, and samples before the real 
chatbot-human sessions. With specific designs, learners might have a sense of 
accomplishment as well as satisfaction after the tasks. In addition, the same 
tasks should be repeated in the following sessions for learners to familiarize 
themselves, reflect, and improve the quality of the interaction. To promote 
more time-on-task, every in-class practice task should be well-organized to set 
a good model for learners to replicate at home, which might encourage learn-
ers to practice speaking with chatbots more after class. Teachers also redesign 
the format of tests to be matched with practice task design so that learners’ 
test scores would not be affected by the test effect. Third, for chatbot design-
ers, while the high level of satisfaction with the chatbot’s linguistic output 
highlights the importance of maintaining natural, coherent, and contextually 
appropriate responses, it also points to the need for features that can support 
learners’ noticing, elaboration, and form-focused feedback during interaction. 

The present study made important theoretical and contextual contributions 
to the AI-mediated speaking instruction. Theoretically, it supports previous 
research that chatbot-human interaction is still a novel experience in language 
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education, which surprised and excited the learners, and to some extent, learn-
ers’ speaking skills could be improved when they practice speaking with chat-
bots. It also adds an important finding that learners’ satisfaction with their 
learning experience is not significantly correlated with improved speaking 
outcomes in chatbot-human interaction. Furthermore, in the Vietnamese edu-
cational context where EFL students tend to have limited chances to speak to 
a competent speaker both in and out of class, and insufficient time for feed-
back due to large class size, this study highlights the potential of using AVCs 
in general, ChatGPT in particular, as an accessible tool, a more knowledgeable 
speaking partner to support speaking practice. Although the present study was 
conducted in the Vietnamese context, these findings may also be relevant to 
other EFL contexts that share similar constraints in terms of input and speak-
ing opportunities. However, caution is needed when generalizing the results, as 
differences in learners’ characteristics and proficiency levels, and instructional 
settings may influence the effectiveness of chatbot-supported speaking practice.

This study has certain limitations that should be addressed in future research. 
First, we only focused on the linguistic-related aspects (LEX) of CHISM, suggest-
ing that future studies should include both DEX and UEX to provide a more 
comprehensive understanding of chatbot-human interaction. In addition, this 
study used only quantitative data to explore satisfaction and changes in speak-
ing skills, which highlights the need for mixed-methods or qualitative research 
design to provide deeper insights into learners’ satisfaction and/or perceived 
speaking gains. Finally, future studies should include a control group to make 
more robust comparisons between human-human interaction and human-
chatbot interaction in speaking improvement.
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Appendix A

Satisfaction questionnaire

How satisfied are you with the following aspects of language experience when speaking with 
ChatGPT? 
1 = Very dissatisfied 
2 = dissatisfied
3 = Neutral 
4 = Satisfied
5 = Very satisfied
Items 1 2 3 4 5

LEX 1. ChatGPT’s on-topic responses
LEX 2. ChatGPT’s relevant responses
LEX 3. ChatGPT’s use of sentence length
LEX 4. ChatGPT’s use of grammar complexity
LEX 5. ChatGPT’s use of vocabulary range
LEX 6. ChatGPT’s use of topic-appropriate vocabulary
LEX 7. ChatGPT’s grammar explanation accuracy
LEX 8. ChatGPT’s grammar explanation clarity
LEX 9. ChatGPT’s ability to detect errors
LEX 10. ChatGPT’s corrective feedback
LEX 11. ChatGPT’s voice recognition
LEX 12. ChatGPT’s voice synthesis
LEX 13. ChatGPT’s ability to maintain natural conversation flow
LEX 14. ChatGPT’s response speed
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